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Abstract: In order to predict and control the impacts of floods in torrents, it is important to verify the
simulation accuracy of the most used hydrological models. The performance verification is particularly
needed for applications in watersheds with peculiar climatic and geomorphological characteristics,
such as the Mediterranean torrents. Moreover, in addition to the accuracy, other factors affect
the choice of software by stakeholders (users, modellers, researchers, etc.). This study introduces
a “performance matrix”, consisting of several evaluation parameters weighted by stakeholders’
opinions. The aim is to evaluate the accuracy of the flood prediction which is achieved by different
models, as well as the pros and cons of software user experience. To this aim, the performances and
requisites of four physical-based and conceptual models (HEC-HMS, SWMM, MIKE11 NAM and
WEC-FLOOD) have been evaluated, by predicting floods in a midsized Mediterranean watershed
(Mèsima torrent, Calabria, Southern Italy). In the case study, HEC-HMS and MIKE 11 NAM were
the best computer models (with a weighted score of 4.45 and 4.43, respectively), thanks to their low
complexity and computation effort, as well as good user interface and prediction accuracy. However,
MIKE11 NAM is not free of charge. SWMM showed a lower prediction accuracy, which put the
model in third place of the four models. The performance of WEC-FLOOD, although not being
as good as for the other tested models, can be considered overall acceptable in comparison to the
other well-consolidated models, considering that WEC-FLOOD is in the early stage of development.
Overall, the proposal of the performance matrix for hydrological models may represent a first step
in building a more complete evaluation framework of the hydrological and hydraulic commercial
models, in order to give indications to allow potential users to make an optimal choice.
Keywords: surface runoff; SCS-CN method; Horton method; rainfall–runoff transformation;
calibration; validation; HEC-HMS; MIKE11 NAM; SWMM; WEC-FLOOD
1. Introduction
Surface runoff, if not properly controlled, may cause several environmental impacts, such as
flooding, soil erosion and transport of polluting compounds [1]. These impacts can be predicted by
computer-based hydrological models on different temporal (from event-scale to decadal simulations)
and spatial (from plot to continental) scales [2,3]. These models enable simulations of the effects
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of watershed processes and management activities in a cost-effective and time-efficient way [4]).
For instance, the time and magnitude of floods can be predicted, often in real-time, allowing the
authorities to forewarn the population [5]. Several watershed-scale models that vary in terms of
complexity and data input requirement terms have been developed in recent decades [6]. For each
model, application guidelines and reference manuals are available, but the developers’ indications
sometimes cannot match the modellers’ needs [7].
Often, the choice of hydrological software among the computer models of different natures
(e.g., empirical, physical-based and conceptual) and complexity can be a time-consuming and
difficult task [8,9]. A modeller usually requires that a hydrological computer model is easily
applicable, and has a low requirement of input data, especially when the model must be used
in watersheds where geomorphological and hydrological input data are scarce (the so-called
“data-poor environments”) [10,11]. Moreover, a model should offer a quick implementation procedure,
a user-friendly software interface, a short computation time, a low purchase price (if it is not available
for free), and, in addition, the high prediction accuracy of the modelled hydrological variables [7,12].
The latter is presumably the most important requisite that a potential user asks of a model, since the
predictions must be as much accurate as possible and this requires field verification.
Very accurate hydrological predictions, such as runoff and erosion, are compulsory where
the impacts of the watershed’s hydrology can be particularly serious, such as in torrents with
small and steep watersheds under the semi-arid climate conditions of the Mediterranean Basin.
In these watersheds, large runoff volumes are the hydrological response to frequent and intense
rainstorms [13,14]. Many Mediterranean torrents are prone to high magnitude flash floods with high
erosive power, often causing hydrogeological instability and disruption [15–17]. In these contexts (for
instance in Southern Italy, Greece, Spain and Turkey), over the last 60–70 years the need to control and
mitigate the hydrogeological risk has often forced local administrations to fund public works for soil
conservation strategies [18,19], in order to avoid disruptive floods and debris flows. Despite this large
body of work, the urban areas located downstream of these torrents are still subject to the flood risk
with possible loss of human life and damages to civil infrastructures.
The capability of the most common hydrological models to predict runoff and erosion is not
obvious in watersheds with peculiar climatic and geomorphological characteristics, such as the
Mediterranean torrents. These watersheds are noticeably different from the environments, in which the
hydrological models have been developed and validated [20,21], such as the United States. Therefore,
in the Mediterranean torrents, targeted studies are required, which should test and verify the prediction
accuracy of the most used computer models. Once validated, these models can be applied in several
pieces of research and professional fields, and their use can simplify the analysis of watershed processes
and the prediction of hydrological risks [12].
Although the literature proposes a very large number of studies evaluating the capacity of
hydrological predictions of the most common computer models (e.g., [22,23]), there are far fewer
evaluation tools to assess their practical applicability. There is the need for a framework aimed
at identifying the most important “requisites”—e.g., input requirement, complexity, flexibility,
computation effort—and evaluating the “performance” in terms of accuracy of hydrological predictions
of computer models. Moreover, these requisites often depend on the experiences and skills of the
modeller; thus, the framework should consider these subjective characteristics, but should provide
a quantitative model evaluation regardless of the opinion of the individual user. In other words,
this framework should give indications to a potential modeller, who wants to choose the most suitable
software for hydrological applications. A case study for this evaluation in semi-arid watersheds is
welcome, considering that the complex hydrological response of the Mediterranean torrents makes the
choice of the most suitable hydrological model particularly difficult.
To satisfy this need, this study proposes a “model evaluation matrix” that compares the requisites
and performances of hydrological computer models. The matrix consists of an ensemble of synthetic
evaluation parameters, weighted by the interviews of 10 stakeholders (scholars, freelancers and public
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administration managers), which measure the requisite and flood prediction capability of the models,
to provide a score. Four hydrological computer models (HEC-HMS, SWMM, MIKE11 NAM and
WEC-FLOOD) have been compared using the developed evaluation matrix; specifically, the models
have been calibrated and validated in a midsized Mediterranean watershed (Mèsima torrent, Calabria,
Southern Italy) by using a database of 1.5-year observations of water discharge recorded at the
torrent outlet.
The paper develops as follows: after a theoretical analysis of the proposed evaluation matrix of
models (Section 2), the models to be tested are presented in Section 3.1. Then, the hydrologic and
morphological characteristics of the watershed are presented (Section 3.2). Section 3.3 shows the
calibration/validation procedures for each model. In Section 4, the results of the study are presented
and discussed, with particular attention to both the model accuracy in predicting the water discharge
at the watershed outlet and the evaluation matrix. Finally, in Section 5 the potential use of each model
is suggested.
2. The Evaluation Matrix of Models
2.1. Description of the Matrix
The prediction accuracy is not the only requisite that a user asks a model, because other
characteristics influence the choice of software for practical use. Moreover, most of the model
characteristics depend on the stakeholders’ needs and opinions. This study introduces a “performance
matrix”, consisting of several evaluation parameters weighted by stakeholders’ opinions. We propose
an evaluation framework of computer hydrological models based on a matrix, consisting of 10 “criteria”.
1. Input requirement;








10. Compatibility with other software
The “input requirement” is the number of parameters needed by the algorithms to calculate the
water discharge. The related scores of the models are calculated as the ratio between the minimum
number of parameters required by each model to run and the highest number of parameters. The model
performance related to this evaluation criterion can be assumed as the difference between one and
this ratio.
The “availability of input data” is linked to the number of input parameters that can be collected
from literature data and user manuals without making field measurements.
The “complexity” is how complicated it will be for the user to parameterise the watershed (in
other words, it is a measure of the effort required to the modeller to input the watershed and climate
data in the software for simulations); this performance could be measured using the time required by
the user to be able to run the model.
The “user interface” is the character of user-friendliness of the software, which would be minimum
for a simple TUI (Text-based User Interface) interface and optimal for software with a Graphical User
Interface (GUI).
The “prediction accuracy” is the reliability of the simulations, evaluated through the statistics
and indexes adopted in this study. In this regard, the ability of the model to reproduce the peak flow
(the maximum of the hydrograph) or the total runoff volume (its area) or both accurately should be
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distinguished. In this study, using the statistics and indexes described in Section 2.2 and Table 3,
the mean value of the percentage differences between the observed and predicted peak flows and runoff
volumes were considered for each model. For this criterion, the model performance was evaluated as
the difference between one and the ratio mean/maximum percentage difference.
The “range of time and space scales” relates to the model’s ability to take into account the temporal
and spatial variability of the meteorological input and the physical conditions of the watershed. Indeed,
in this sense, distributed and continuous models perform better than lumped and event-based models.
The “flexibility” is the possibility, offered by the software, to predict a large number of environmental
variables in addition to the water discharge (for instance, erosion, water quality and flood maps).
The “computation effort” is the time it takes to perform a complete run. The “cost” is the software
licence fee which is zero for freeware software. Finally, the “compatibility with other software” is the
possibility to interface the input or output of the model with other software, such as GIS tools, which is
evaluated in terms of the number of formats which can be used for the input and output parameters.
Parameters 2, 3, 4, 6, 7 and 10 can assume only categorical values (the opinions of the user),
while Parameters 1, 5, 8 and 9 are based on quantitative parameters (the number of input data, the time
needed for simulation and the software price, respectively).
Based on these parameters, a 10 × 4 “performance” matrix (10 rows, one for each parameter,
and four columns, one for each model) was built.
The seven categorical parameters, based on the user’s opinion, were evaluated, asking the user
to give a score (between zero and five) for each software and parameter. These scores have been
subsequently standardised between zero and one.
Since each parameter can be subjective, a set of weights were applied, to process the performance
matrix. To this aim, 10 users coming from three different work categories (three researchers,
three freelancers, and four public administration officials), were asked to give an opinion through a score
(of importance ranging from a minimum of zero to a maximum of five) for each model’s performance
and requisite. More specifically, two (full and associate) professors and one lecturer were interviewed
among the researchers; one agronomist, one forest doctor and one hydraulic engineer were considered
among the freelancers; finally, the public administration officials were four technicians working in two
environmental agencies (two persons) and two Water User Associations (two other persons).
These scores were also standardised between zero and one and averaged, to calculate the weight
of each of the 10 parameters. Overall, the perfect software should have a total performance equal to
ten, while the worst software should have a total weighted score equal to zero.
2.2. Evaluation of the Prediction Accuracy
For each of the rainfall–runoff events, the water discharge was simulated at the torrent outlet using
the four computer models. The simulations were analysed for “goodness-of-fit” with the corresponding
observations. First, the observed and simulated values of the discharge were visually compared in
scatter plots. A series of wide used parameters in the hydrological literature (e.g., [23–29]) was chosen
to evaluate
• The main statistics (i.e., the maximum, minimum, mean and standard deviation of both the
observed and simulated values);
• A set of summary and difference measures, such as the coefficient of determination (R2), coefficient
of efficiency (E, [27]) and its modified form (E*, [24]), and Root Mean Square Error (RMSE).
In particular, E is more sensitive to extreme values, while E* is better suited to significant over- or
underprediction as it reduces the effect of squared terms. The related equations are reported in
the works of [28–30].
The ranges of these indexes are:
• 0 < R2 < 1, where values over 0.5 are acceptable [30,31];
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• −∞ < E < 1 and −∞ < E* < 1. The model accuracy is “good” if E and E* ≥ 0.75, “satisfactory” if
0.36 ≤ E and E* ≤ 0.75 and “unsatisfactory” if E and E* ≤ 0.36 [30];
• 0 < RMSE < +∞, which measures the standard deviation between observations and predictions,
should be as close as possible to zero [32]; RMSE is considered good if its predicted value is lower
than 0.5 of the observed standard deviation [33].
• −∞ < CRM < +∞ is the Coefficient of Residual Mass and measures the tendency of the model to
overestimate or underestimate the observations. Positive or negative values for CRM indicate
model underestimation or overestimation, respectively.
3. Case Study
3.1. The Hydrological Computer Models under Evaluation
Four computer hydrological models were chosen to test the evaluation matrix:
1. HEC-HMS (Hydrologic Engineering Center—Hydrologic Modelling System, developed by the
“US Army Corps of Engineers” [34]);
2. SWMM (Storm Water Management Model, developed by the Environmental Protection Agency
of USA [35]);
3. MIKE11 NAM (Nedbør-Afstrømnings-Model, developed at the Institute of Hydrodynamics and
Hydraulic Engineering at the Technical University of Denscore [36]);
4. WEC-FLOOD (developed at the University of Palermo, Italy [37–41]).
In more detail, HEC-HMS is a lumped, event-based and conceptual hydrological model,
which simulates the rainfall–runoff process and forecast streamflow in both large river basins and
small urban or natural watersheds [42,43]. The model structure consists of four “components” [44,45]:
(i) a basin model, which estimates hydrological losses and simulates the rainfall–runoff transformation;
(ii) a meteorological model; (iii) a control specification subroutine, specifying the time step, the inception
and the simulation period; and (iv) an input data subroutine, to provide the observed hydrological
variables to the model. HEC-HMS uses separate methods to represent each component of the runoff
process, including methods that compute runoff volume, direct runoff and baseflow. Runoff volume is
calculated by the rainfall–runoff transformation method, based on the infiltration of pervious areas;
a baseflow method is applied both at the start of a simulation of a storm event and later in the event,
as the delayed subsurface flow reaches the watershed channels [42].
MIKE11 NAM is a conceptual, continuous and lumped rainfall–runoff model, which is included
in the MIKE 11 module. By this model, water flows and sediment transport in rivers, irrigation
systems, channels and other water bodies can be simulated at the watershed scale [46]; the model is also
used to predict floods. MIKE11 NAM continuously accounts for the water content in three mutually
interrelated storages that represent overland flow, interflow and base flow [47]. Each subcatchment is
treated as one unit with averaged spatial parameters and variables. Nine parameters, of empirical and
conceptual nature, represent a surface zone, root zone, and groundwater storage; the upper and lower
boundary is defined by default values, which can be setup using both manual and autocalibration
methods included in the software, depending on the watershed characteristics [48], to adjust the
parameters [49,50].
SWMM is a distributed, continuous and physical-based rainfall–runoff model, which consists of
several different components named “blocks”. As regards the runoff predictions, the “Runoff” block
simulates hydrographs using the weather data and the physical and hydrologic characteristics of the
watershed as input [51]. Surface runoff is generated in each subwatershed, in which the watershed
is discretised. An individual subwatershed is modelled as a nonlinear reservoir with rainfall as
input, when the water depth is greater than the maximum depression storage of both pervious and
impervious areas. Infiltration in pervious areas is estimated using SCS-Curve Number (CN), Horton’s
or Green–Ampt’s methods. The “Transport” block, simulating flow transport by steady wave routing,
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kinematic wave routing and dynamic wave routing, uses the output from the Runoff block as input and
models the open channels and sewer system as a series of geometrical hydraulic elements, based on
De Saint-Venant’s equations under 1D form (a simplification of the shallow water equations with a 2D
form) [51,52].
WEC-FLOOD is a distributed, continuous and physical-based hydraulic model, which is suitable to
simulate the rainfall–runoff process and flooding events affecting urban areas [37,38]. One-dimensional
(1D) spatial discretisation of the main rivers is coupled with a 2D discretisation of flood-affected
areas, but neither boundary condition must be solved at the transition between the 1D–2D domains,
nor additional variables must be introduced in the model [38]. WEC-FLOOD simulations are carried
out through numerical integration of the diffusive approximation of Saint-Venant’s partial differential
equations, using the MArching in Space and Time approach [39–41]. The governing equations
are discretised using an unstructured hybrid mesh with triangular and quadrilateral elements.
One-dimensional (1D) channels are discretised using quadrilateral elements, with one couple of
opposite edges overlapping the trace of two river sections and the other couple connecting their ends.
The trace of each river section is extended up to the minimum topographic elevation where 1D flow
conditions are expected. The 2D computational domain is given by the all area of the catchment basin
and the flood plains and is discretised with triangular elements satisfying the Generalised Delaunay
conditions [39]. WEC-FLOOD computes, at each time step, the net rain falling in each computational
cell of the 2D domain, given the total rain and the water content, which is updated for the next time step.
To this end the model can incorporate several possible hydrological transformations, to be selected
according also to the available soil data. The outputs of the model are the main flow characteristics at
each node of the computational domain, such as the velocity and the flow direction.
As a summary, in Table 1, a classification of the four types of software, according to their main
characteristics and following the model categories suggested by [3] is reported. In more detail,
with regards the spatial scale, “distributed” models reflect the spatial variability of processes and
outputs in the catchment of analysis [7], while “lumped” models simulate the hydrological processes
in a watershed with mean geomorphological and climatic characteristics. Concerning the temporal
resolution, while the “event-based” models are developed to assess the response of the modelled area
to single storm events, the “continuous” models simulate this response based on a continuous balance
of the water content of soil and this allows predicting changes in vegetation or land management over
time. The distinction of model structure (empirical vs. conceptual vs. physical-based) is not sharp
and therefore can be somewhat subjective [3]. Empirical models are generally based primarily on the
analysis of observations and seek to characterise the response from these data [53]. Conceptual models
represent a watershed as a series of internal storages [3]. Physical-based models solve the fundamental
physical equations that describe the hydrological processes, such as the equations of conservation of
mass and momentum for flow and the equation of conservation of mass for sediment [54]. Finally, with
regard to the approach to the hydrological processes, deterministic models employ simulated responses
as a single realisation of a simulated process, while stochastic models are based on a postprocessing
procedure, where model uncertainty is added to the model output by some means after the simulated
response has been produced [55].
Table 1. Main characteristics of the software applied to the Mesima torrent (Calabria, Southern Italy).
Model Characteristic
Software
HEC-HMS MIKE11 NAM SWMM WEC-FLOOD
Spatial scale (distributed/lumped) Lumped Distributed
Time scale (continuous/event) Event Continuous
Type of hydrological process modelling
(empiric/conceptual/physical-based) Conceptual Physical-based
Approach to the hydrological processes
(deterministic/stochastic) Deterministic
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3.2. The Sample Watershed (Mesima Torrent, Southern Italy)
The four models were applied to the watershed of Mesima torrent, Calabria, Southern Italy
(Figure 1) has an ellipsoidal shape (Gravelius index of 1.5) with a perimeter of 152 km and covers an
area of 795 km2. The torrent sources in the Serre mountain system at 1245 m a.s.l. and, running along
43 km, flows into the Tyrrhenian Sea; the outlet is located close to the town of Rosarno (38.5006◦ N,
15.9875◦ E). The mean altitude and slope steepness are 395 m and 29%, respectively. According to [56],
the watershed concentration time (that is, the time required by runoff to reach the closure section from
the farthest hydraulically distant point [57]) is estimated in about 12 h.
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Figure 1. Location and digital elevation model of the Mesima torrent (Calabria, Southern Italy).
The climate of the watershed is semi-arid (Csa type, according to Koppen-Geiger’s
classification [58]), typical of the Mediterranean Basin. Winter is generally mild and wet and summer
is hot and dry. The average precipitation is 900 mm/y, distributed mainly in autumn and winter;
snow is practically absent, except for some days in the highest mountains. The average minimum and
maximum temperatures are 4.2 and 31.8 ◦C, respectively (meteorological station of Arena, 38.5613◦ N,
16.2166◦ E).
According to the “Corine Land Cover” classification (scale 1:100,000, 2007) shown in Figure 2a,
the main land use in the watershed is agricultural (66% of the total area) with intensive crops (mainly
vegetables), olive groves and other fruit orchards (citrus and kiwi fruit). Forest areas cover 31% of
the total area, while the remaining part of the watershed is covered by urban areas (3%, Figure 2a).
Soil texture, derived from the ‘Soil Map of the Calabria Region’ (scale 1:250,000 [59]), is prevalently
sandy loam (50% of the basin area), with loam (19%) and clay loam (18%) zones in the remaining
areas [60] (Figure 2b). The soils have a low runoff potential when thoroughly wet [21].
A 20-m resolution Digital Elevation Model (DEM), provided by ISPRA (Environmental Research
and Protection Higher Institute of Italy), was used to divide the watershed into interconnected
subwatersheds for the spatially distributed models and simulate the stream network using GIS
software (QuantumGIS). A more detailed discretisation was not made given that the available land
use and soil texture maps have a lower resolution compared to the DEM (Figure 2). Using the GIS
software, the maps of land use and soil type were overlaid, to input the geomorphological information
to the models. Therefore, each subwatershed was characterised by specific land use and soil type,
on which its hydrological response depends.
For the hydrological and hydraulic simulation using the WEC-FLOOD model, a computational
mesh of 39,385 elements and 19,921 nodes has been generated, covering the whole watershed.
Mesh node elevations have been computed by interpolating the elevations of the DEM cell centres.
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Figure 2. (a) Maps of land use (from Corine Land Cover, 2007) and (b) texture (ARSSA Calabria–Regional
Agency for Development and Services in Agriculture, 2003) of the Mesima torrent (Calabria, Southern Italy).
3.3. The Hydrological Database
The hydrological database which was used to analyse the software was provided by the Regional
Agency for Environmental Protection of Calabria covers the period of January 2008 to May 2011 and
contains: (i) hourly rainfall, collected at 16 rain gauging stations (five inside the watershed and nine
within a maximum distance of 15 km); (ii) surface water discharge, measured every 20 min by an
ultrasonic flow metre at the outlet.
In the hourly rainfall series of the experimental database, two consecutive events were considered
separately, if no rainfall was recorded for 6 h or more [61]. For the model evaluation, 10 rainfall–rainfall
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events were identified (Table 1). In order to spatially scale the rainfall input, Thiessen’s polygon
method [62] was applied: 15 polygons were drawn covering the entire basin area.
The rainfall depths measured for the 10 experimental events were in the range 43–525 mm (Table 2).
The latter was generated by the longest event which occurred from 5 to 18 of February 2010 (304 h) and
produced the highest runoff volume (40.91 mm). The highest peak discharge was observed from 1
to 3 November 2010 (531 m3/s), which was also characterised by the highest rainfall intensity (mean
5.4 mm/h and maximum 531 mm/h), as the quickest watershed’s response (time to peak of only 17 h) to
a very short rainfall event (29 h). The event recorded from 30 January to 4 February 2011 had the lowest
rainfall intensity (mean 0.4 mm/h and maximum 4.5 mm/h), but generated the highest runoff coefficient
(82.1%), since it occurred on completely saturated soil, due to the antecedent precipitation. Moreover,
for this event, the flood peak was very delayed (107 h) compared to the start of the precipitation.
Finally, the lowest runoff coefficient was observed from 28 February to 8 March 2011 (4.10%), while the
lowest peak discharge which was recorded occurred from 24 to 31 January 2009 (125 m3/s, Table 2).
Table 2. Hydrological characterisation of the 10 rainfall–runoff events used for model verification in







Intensity (mm/h) Total Volume
(mm)
Runoff




1–6 December 2008 261 63 3.3 24.8 11.94 4.58 195 38
10–15 January 2009 375 104 3.3 29.7 20.82 5.55 272 60
24–31 January 2009 277 169 1.5 9.9 24.95 9.01 125 115
9–12 November 2009 184 85 2.2 28.2 20.34 11.03 235 50
5–18 February 2010 525 304 1.7 169.2 40.91 7.79 169 73
6–11 March 2010 292 95 2.8 22.1 33.58 11.49 323 83
17–22 October 2010 370 104 3.1 28.0 38.43 10.39 427 44
1–3 November 2010 226 29 5.4 530.8 30.54 13.52 531 17
30 January–4 February 2011 43 120 0.4 4.5 35.34 82.13 180 127
28 February–8 March 2011 331 169 1.7 279.2 13.57 4.10 279 35
Notes: the events reported in bold or in italics were used for model calibration or validation, respectively.
3.4. Calibration and Validation Procedures
The split-sample technique [63] was used to evaluate the runoff volume predicted by the software
during the calibration and validation stages. More specifically, four of the 10 available rainfall–runoff
events observed at the watershed outlet were chosen for calibration. Of these events, three involved dry,
medium water content and wet soils, due to antecedent precipitation (Antecedent Moisture Content of
the SCS-CN method, AMC I, II and III), and the fourth event was randomly selected those in which the
subwatersheds had different water contents. The remaining six events were used for model validation.
This was done in order to avoid the bias of events that were too dry or too wet [21].
The hydrological components were calibrated by varying the input parameters to which discharge
is more sensitive. The choice of these input parameters was done considering the results of the
sensitivity analysis carried out by several authors for the considered hydrological models [37–39,64–68].
During the calibration phase, these parameters were modified for each event until the best prediction
of the peak discharge was obtained. The subsequent subsection gives more details about the calibration
of each model.
HEC-HMS used the SCS-CN method as an infiltration model to calculate the runoff volume to
be routed along the torrent channels. The four events used for model calibration were those which
occurred from 1 to 6 December 2008 (AMC II), 5–18 February 2010 (AMC II), 6–11 March 2010 (AMC
I-II) and 30 January–4 February 2011 (AMC III). The resulting calibrated CNs (averaged among the
three subwatersheds, in which the Mesima torrent was divided) were 50.6, 70.9, 57.4, 84.9, respectively.
MIKE11 NAM was autocalibrated [48]. The autocalibration routine “AutoCal” of MIKE includes
nine parameters of the rainfall–runoff algorithm [69]. The autocalibration procedure is based on
a multiobjective optimisation strategy, in which four calibration objectives (the overall volume
error, RMSE, and both average RMSE of peak and low flow events) are considered [48]. The user
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determines which of these objectives should be considered in the autocalibration routine. In our study,
the calibration procedure stopped when the maximum coefficient of efficiency value (E), calculated
on the basis of RMSE according to [27], is achieved (see also Section 2.2). Then, using the calibrated
parameters, the model was applied to the events of the validation stage.
SWMM used the SCS-CN method [70] in the Runoff block for the rainfall–runoff transformation.
As regards the Transport block, the flood wave propagation was simulated using Clark’s unit
hydrograph linear model. In the calibration phase, the event of 6–11 March 2010 was used considering
the Antecedent Moisture Condition II, while, for AMC I and AMC III, the events of 1–6 December 2008
and 30 January–4 February 2011 were chosen; as the fourth event the rainfall/runoff of 5–18 February
2010 (AMC II) was used. The calibrated values of CNs were 52 for AMC II, 47 for AMC I and 70 for
AMC III.
WEC-FLOOD was calibrated by setting up the input parameters related to water loss after rainfall.
The Horton method was used as the infiltration model, increasing the parameters of the infiltration curve
from zero infiltration to the optimal values. The initial infiltration was between 4.3 (event of 5–18 February
2010) and 6.8 (1–6 December 2008) mm/h, while the final value was in the range of 3.3 (6–11 March 2010)
and 4.7 (1–6 December 2008) mm/h. The decaying rate was set to 0.65 for the event of 6–11 March 2008)
and 0.75 h−1 (1–6 December 2008 and 5–18 February 2010). For the event of 30 January–4 February 2011,
all these input parameters had to be set to zero, otherwise the model would not have produced runoff.
4. Results and Discussions
4.1. Analysis of the Discharge Prediction Capability
By a visual comparison, the mean, minimum and maximum values of the observed versus
predicted discharges appear quite scattered compared to the identity line (prediction equal to the
observation) as shown in Figure 3. The maximum value of the discharges predicted using the HEC-HMS
software, which lined up quite well along the 1:1 l (Figure 3b) is an exception.
During the calibration phase, a slight tendency to underestimate the water discharge measured at
the outlet of the experimental watershed was noticed for three models (SWMM, MIKE11 NAM and
WEC-FLOOD), as shown by the positive value of CRM (<0.04, Table 3). Conversely, HEC-HMS tended
to overestimate the discharge (CRM = −0.01). Of all the evaluated models, the MIKE11 NAM model
gave the best performance in predicting the discharge. Very high values of both R2 (equal to 0.97) and
E (0.93) were achieved, and the mean and maximum discharges predicted by NAM were very close to
the corresponding observations, with differences of −1.3% and +3.6%, respectively. HEC-HMS and
WEC-FLOOD gave satisfactory values of E (0.60 and 0.52, respectively), although the RMSE index
was quite high for HEC-HMS (>half standard deviation of the observed discharge). For these models,
the differences between predictions and observations of mean and maximum discharges remained
quite limited (not higher than −8.0% and +3.7%, respectively, Table 3).
For SWMM, the value of E was just acceptable (0.38), and the predicted maximum discharge was
lower than the observed values (−12.4%), although the mean values were close to each other (−3.4%,
Table 3).
Clearly, the performance at the validation stage is lower than that obtained during the calibration
stage. Specifically, only HEC-HMS provided acceptable values of E (0.60) and E* (0.36), and a slight
underestimation of discharge was recorded (CRM = 0.05); for this model, the differences between the
mean and maximum observed and predicted discharges remained quite limited (<17.4%), except for the
minimum value (with a difference of +37.0%). Conversely, the model efficiencies E and E*, were lower
for SWMM (equal to 0.08 and 0.21, respectively) and MIKE11 NAM (0.27 and 0.17), and even negative
for WEC-FLOOD (E = −2.30 and E* = −0.89). MIKE11 NAM reveals a slight tendency to underestimate
(CRM = 0.06), while, for SWMM and WEC-FLOOD the differences were larger and always higher than
25% with peaks error for the maximum discharge of −46.4% and +58.7%, respectively. These differences
were due to the tendency to underestimate, like in the case of SWMM or overestimate (WEC-FLOOD)
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the observed events as shown by the high deviation of CRMs from zero (+0.26, SWMM, and −0.29,
WEC-FLOOD, Table 3).
Table 3. Statistics and indexes for evaluating the discharge (in m3/s) prediction capability of four
hydrological models in the Mesima torrent (Calabria, Southern Italy).
Water Discharge Mean Standard Deviation Minimum Maximum R2 E E* RMSE CRM
HEC-HMS
Calibration
Observed 58.7 41.0 26.6 216.8
0.76 0.60 0.36 41.93 −0.01Simulated 54.0 40.0 31.7 224.8
Difference (%) −8.0 −2.4 18.9 3.7
Validation
Observed 70.2 69.5 19.7 311.3
0.62 0.44 0.27 72.71 0.05Simulated 58.0 64.3 27.0 322.2
Difference (%) −17.4 −7.5 37.0 3.5
SWMM
Calibration
Observed 216.8 71.6 169.2 323.0
0.45 0.38 0.15 22.55 0.03Simulated 209.5 64.6 153.6 282.8
Difference (%) −3.4 −9.7 −9.2 −12.4
Validation
Observed 311.3 144.8 124.7 530.8
0.57 0.08 0.21 40.62 0.26Simulated 230.5 60.9 134.5 284.5
Difference (%) −26.0 −57.9 7.9 −46.4
MIKE11 NAM
Calibration
Observed 216.8 71.6 169.2 323.0
0.97 0.93 0.70 7.60 0.01Simulated 214.1 84.6 148.2 334.8
Difference (%) −1.3 18.2 −12.4 3.6
Validation
Observed 311.3 144.8 124.7 530.8
0.38 0.27 0.17 36.18 0.06Simulated 291.4 130.1 126.1 447.1
Difference (%) −6.4 −10.1 1.1 −15.8
WEC-FLOOD
Calibration
Observed 216.8 71.6 169.2 323.0
0.73 0.52 0.43 19.89 0.04Simulated 208.8 92.4 103.3 328.4
Difference (%) −3.7 29.1 −39.0 1.7
Validation
Observed 311.3 144.8 124.7 530.8
0.84 −2.30 −0.89 77.16 −0.29Simulated 401.3 369.9 36.9 842.2
Difference (%) 28.9 155.5 −70.4 58.7
The discharge prediction capability was compared with other modelling experiences carried out in
semi-arid watersheds, available in the literature. As regards the HEC-HMS model, the peak discharge
was better estimated using the “Initial and Constant” method (E = 0.90–0.95) than the “SCS-CN”
method (E = 0.30) in Southern Italy [20]. The model efficiency detected by [71] in applying the model
in an Israeli watershed was in the range 0.90–0.97. In a semi-urbanised watershed in Texas (USA),
[72] reported errors of about 30% in predicting the peak discharge, after model calibration. Deviations
lower than 4%, were found by [73] in a semi-arid watershed of Pakistan when comparing observed
and calibrated peak flows.
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Figure 3. Scatter plots of mean (a), maximum (b) and minimum (c) water discharges observed and 
simulated using four hydrological models in the Mesima torrent (Calabria, Italy). 
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discharges remained quite limited (not higher than −8.0% and +3.7%, respectively, Table 3). 
i re 3. tt l f (a), axi ( ) and ini (c) ater discharges observe an
si late sing fo r hydrological odels in the esi a tor ent (Calabria, Italy).
Fewer study cases, whic are suitable for comparison with the xp rimental watershed of this
study, are available in th literature for the SWMM and MIKE11 NAM s ftware. The first software was
mostly used to predict floods in urban watersheds rather than in rural areas; often, its performance was
compared to tho e provided by t e MIKE-family models. For instance, in two small urban watersheds
in th city of Ath ns (Greece) and in West Bengal (Indi ), respectively, [74,75] found that the 1D
model, which is obviously faster th the 1D–2D model, was not able to simulate th flood extent and
inundation as accurately. SWMM wa used in another Italian watershed, where the model performed
well in simulating runoff (E = 0.81) [51]. In Austr lia, SWMM was very accurate in simul ting the
peak discharge with average errors of around 5% [76]. [77] found rrors of up to 31% in the simulat d
values of the discharg in four peri-urban wate sheds of Southern Brazil. In a large urban watershed
of Southern California (USA), the predicted peak flows were overestimat d by 4–25% compared to
the observed values [78]. MIKE11 NAM was calibrated and validated in a Greek watershed by [79],
who detected E values of between 0.59 and 0.80. The automatic calibration routine of MIKE11 NAM
was used also by [80], to optimise the parameter values for Fitzroy Catchment (Australia); the authors
obtained a good agreement between the observed and simulated hydrographs. Satisfactory results
were reported by [81], who predicted discharges in the Sarisoo River (Iran) using the automatic
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calibration procedure of the model. [82] simulated the rainfall–runoff transformation in the Nzhelele
River (South Africa) using MIKE11 in autocalibration mode using the root mean square error (RMSE)
as an objective function. The WEC-FLOOD applications in the semi-arid environments were even
more limited compared to the other three models, because the model is still at the early stage of
development and dissemination. However, WEC-FLOOD was tested by the developers, comparing its
capability to couple 1D and 2D approaches with several hydrodynamic models, at both the academic
and professional applications [38]. A good agreement between the WEC-FLOOD results with observed
data and literature results were found. The advantages of using a diffusive model as WEC-FLOOD,
in terms of computational efficiency and robustness, are evident.
Comparing the hydrographs generated by the four models to the observed discharge, HEC-HMS
software is the most accurate in simulating the temporal evolution of the floods. This software
reproduced the events of the calibration phase with satisfactory accuracy (except for the concentration
limb of the event dated 1–6 December 2008), since the observed and simulated hydrographs were in
close agreement with each other.
Conversely, SWMM failed to reliably simulate the peak discharge observed in all four events.
A basic inaccuracy in predicting the runoff event following the rainfall recorded between 5 and 18
February 2000 was also noticed for this model and for WEC-FLOOD (Figure 4).
Confirming what was highlighted by the quantitative analysis of the discharge prediction accuracy
(Table 3), for the events of the validation phase, noticeable differences between the predicted and
observed discharges were noticed for the four models. However, HEC-HMS was quite accurate in
simulating the events of 9–12 November 2009 and 1–3 November 2010, while MIKE performed better in
reproducing the hydrographs dated 17–22 October 2010 (in which the simulating peak occurred earlier
than the observed value) and 28 February–8 March 2011. The hydrographs predicted by SWMM were
similar to those observed for the events 28 February–8 March 2011. Conversely, a large inaccuracy in
simulating the observed floods was detected for the WEC-FLOOD model, which did not even simulate
discharge over the baseflow for the events of 24–31 January 2009, 9 or 12 November 2009, and largely
overestimated the floods that occurred in 10–15 January 2009, 17–22 October 2010 and 1–3 November
2010 (Figure 4).
It should be noticed that the runoff events characterised by several flood peaks in response to
impulsive precipitation were simulated with low accuracy by all models (e.g., the events of 5–18
February 2010, 24–31 January 2009 and 28 February–8 March 2011), also for the calibration period
(Figure 4). Overall, this detailed analysis allows some considerations to be drawn about the performance
and the best choice of the evaluated models.
Firstly, the higher accuracy in reproducing the observed discharges detected for HEC-HMS is
quite expected, since this model works on an event scale, where the water content of the soil is updated
at the start of each event.
Secondly, the difficulty that the continuous models (SWMM and WEC-FLOOD) had in updating
the humidity conditions of the soil is quite surprising as they were expected to adjust to these conditions
by applying the mass conservation equations. This difficulty has been also detected by other authors
working with continuous models based on the SCS-CN method. For instance, [83,84] noticed that the
AnnAGNPS model was not always successful in modelling the water balance of soil. This constraint
could be overcome in SWMM using different CNs, for instance, on a seasonal basis.
Thirdly, the benefit of calibration was evident for the conceptual models (HEC-HMS and MIKE11
NAM). The other physical-based models, SWMM and WEC-FLOOD, do not require calibration,
since they are based on mass and momentum conservation equations [3,7,12]. Given that the data
requirements of any model drastically increase with the complexity of the model [3], the use of simpler
conceptual models (such as HEC-HMS and MIKE11 NAM), which require fewer input parameters, is
recommended in environmental conditions similar as the studied watershed. HEC-HMS appears to be
the best choice, since this model (like the more complex MIKE11 NAM) has a lumped spatial scale.
This model characteristic better fits to rather homogenous watersheds (particularly in terms of land
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use) as the Mèsima torrent than watersheds with several land uses or soils of different hydrological
properties, which are better predicted by distributed models.
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Fourthly and finally, the poor performance of the WEC-FLOOD model, which is based on Horton’s
infiltration method, is unexp cted in a wat rshe of a semi-arid environment, which is dominated
by the infiltration-excess mechanism for runoff generation [85], where reliable values of the soil
hydraulic conductivity are needed for accurate predictions. This result may be attributable to the lack
of measurements of the infiltration capability of the soil, which has forced the modellers to calibrate
the model, achieving in some case unrealistic parameters (infiltration modelled as zero).
4.2. Analysis of the Model’s Performance Matrix
According to the opinions given by those interviewed, the input requirement and prediction
accuracy, to which scores equal to 4.9 and 4.7, respectively, were attributed, are the most important
requisites and performances of a hydr logical model (Table 4). Of course, th simplicity of m del
implementation and he quality of its output were considered extremely important, particularly for the
public administration officials (input requirement score = 4.9) and researchers (prediction accuracy
score = 5.0). Additionally, the availability of a user-friendly interface and the low complexity are
appreciated by the users (scores of 4.0 and 4.1), especially by the freelancers (scores of 4.3 and 4.7,
respectively). Conversely, the lowest scores were attributed to the model flexibility (1.6), cost (2.1)
and availability of input data (2.3, Table 4), presumably because: (i) the users—particularly the public
administration officials—need to perform various tasks (for instance erosion predictions or water
quality forecasts) and thus are open to change the software, when a different and specific task is
required; (ii) most of the interviewed people work in a public administration (e.g., local administration
or university), where finances are less limited compared to freelancers; (iii) the modellers, especially
the academics, are able to easily measure or accurately estimate the input parameters required by the
models, rather than trusting to literature or manual data. It is worth notici that the computation
effort is ot a strict requisite according to the stakeholders’ opinion (score = 3.2), in particular for the
public administration officials (score of 2.8) nd fre lancers (3.0). This may be quite surprising, since,
when the flood maps are required as mod l predictions, the computation times of 2D models (such
as the models of the MIKE-family and WEC-FLOOD) can be high and this may be a limitation for a
model [5].
The authors have attributed different scores to the software evaluated in this study regardless of its
performance/requisite. As shown in Table 5, the standardised scores range from 0 to 1. For the models
evaluated in this study, MIKE 11 NAM required 14 input parameters, HEC-HMS six, SWMM five and
finally WEC-FLOOD four. The model performance related to this evaluation criterion is 0 for MIKE
11 NAM, 0.6 for SWMM and HEC-HMS, and 0.7 for WEC-FLOOD. With regard to the “availability
of input data”, there are very few differences between the performance of the four models, since all
the input data required can be collected very easily for all the models. Concerning the “complexity”,
the model implementation in the studied watershed required the watershed parameterisation, the input
setting, the calibration of the parameters and the other operations needed to run the software. All these
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operations were quite fast for three models (HEC-HMS, SWMM and MIKE 11 NAM), but not for
WEC-FLOOD. For this model, the watershed parametrisation was more difficult than in the others.
This was due to the intrinsic characteristic of the solver, which couples the 1D simulation in the channels
with the 2D simulation in the floodplains. MIKE 11 NAM got the highest score for this parameter,
thanks to its autocalibration routine, despite the greatest number of input data.






Researchers Freelancers Public AdministrationOfficials
Mean Among
Stakeholder Categories
Input requirement 4.7 5.0 4.9 4.9 1.0
Availability of input data 2.7 3.2 1.3 2.3 0.5
Complexity 4.3 4.7 3.6 4.1 0.8
User interface 4.2 4.3 3.5 4.0 0.8
Prediction accuracy 5.0 4.5 4.6 4.7 0.9
Range of time and space scales 2.2 3.0 1.9 2.3 0.5
Flexibility 1.8 2.3 0.8 1.6 0.3
Computation effort 4.0 3.0 2.8 3.2 0.6
Commercial cost 1.8 3.2 1.6 2.1 0.4
Compatibility with other software 3.7 4.0 1.6 3.0 0.6
Table 5. Scores for the 10 parameters used for calculating the model evaluation matrix of the four
hydrological computer models implemented in the Mesima torrent (Calabria, Southern Italy).
Model Performance/Requisite
Software
HEC-HMS SWMM MIKE11 NAM WEC-FLOOD
Input requirement 0.6 0.6 0 0.7
Availability of input data 0.6 0.6 0.6 0.6
Complexity 0.6 0.6 1 0.4
User interface 1 1 1 1
Prediction accuracy 0.6 0.1 0.7 0
Range of time and space scales 0.4 1 1 0.4
Flexibility 0.6 0.6 0.6 1
Computation effort 1 1 1 0.5
Commercial cost 1 1 0 0.5
Compatibility with other software 0.5 0.5 1 0.8
TOTAL 6.9 7.0 6.9 5.9
All the models, including WEC-FLOOD, which was developed in a scholar environment, have a
user-friendly interface running in Windows, OSx and Linux platforms.
Regarding the “prediction accuracy” MIKE 11 NAM and HEC-HMS showed the best performance
(scores of 0.7 and 0.6, respectively), while the prediction accuracies of SWMM and WEC-FLOOD
were very low (0.1 and 0, respectively). Since SWMM and MIKE 11 NAM work in continuous
simulation, these models performed better than the lumped and event-based models (HEC-HMS and
WEC-FLOOD) for the parameter “range of time and space scales”, WEC-FLOOD is able to provide
more information about the water flow, which is typical of 2D simulations and therefore its score was
much higher than the other three models (1 vs 0.6). The “computation effort” was very low for all
models, except for WEC-FLOOD, which, as expected, required more time to complete simulations.
This is due to the computational time that depends on the set time resolution, the number of cells
in watershed discretisation and the duration of the simulated event. The “commercial cost” of the
software scored from 0 (MIKE 11 NAM, which is a commercial code) to one for the freeware software
(SWMM and HEC-HMS). WEC-FLOOD should not be evaluated, because it is an academic model
that it is not still available. However, in order to complete the performance matrix and to take into
account the possibilities of it becoming a freeware or commercial code in the future, a medium (0.5)
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score was attributed to WEC-FLOOD. With reference to the last parameter (“compatibility with other
software”), the highest score was attributed to MIKE11 NAM for its compatibility not only with GIS
software, but also with the other models of the MIKE-family, followed by WEC-FLOOD, whose solver
is integrated into freeware GIS software.
According to the weighted scores, HEC-HMS (4.45) and MIKE 11 NAM (4.43) performed the
best for the case study, with a score difference of only 0.02 (Table 6). On the total weighted score
of HEC-HMS, the “prediction accuracy” and the “computation effort” (>0.60), as well as the “user
interface” (>0.70), weighed positively, while the “range of time and space scales”, due to the fact that
the model is lumped and event-based, reduced the score. Conversely, the overall performance of
MIKE11 NAM was lowered by its commercial cost and the high number of inputs required. SWMM
totalled a score by only 0.2 less than MIKE, because of its lower accuracy hindered by the model’s
tendency to underestimate the flood peak. The challenging potential of the WEC-FLOOD model is
evident from this analysis since its score is very close to the performance of the other three well-known
and commonly used models (Table 6).
Table 6. Weighted scores for the 10 parameters used for calculating the model evaluation matrix of the
four hydrological computer models tested in the Mesima torrent (Calabria, Southern Italy).
Model Performance/Requisite
Software
HEC-HMS SWMM MIKE11 NAM WEC-FLOOD
Input requirement 0.55 0.62 0 0.69
Availability of input data 0.27 0.27 0.27 0.27
Complexity 0.49 0.49 0.82 0.33
User interface 0.79 0.79 0.79 0.79
Prediction accuracy 0.61 0.05 0.67 0
Range of time and space scales 0.18 0.46 0.46 0.18
Flexibility 0.19 0.19 0.19 0.32
Computation effort 0.64 0.64 0.64 0.32
Commercial cost 0.42 0.42 0 0.21
Compatibility with other software 0.30 0.30 0.59 0.47
TOTAL 4.45 4.23 4.43 3.59
5. Conclusions
This study proposed a criterion to evaluate the performance and overall user experience of
hydrological software. The method was tested with four hydrological computer models (HEC-HMS,
SWMM, MIKE 11 NAM and WEC-FLOOD), used to predict the water discharge at the outlet of a
Mediterranean torrent. The case study was a semi-arid watershed in Southern Italy. The computer
programs were chosen in order to cover many aspects both from a mathematical point of view
(physical-based, conceptual, lumped-parameter or distributed-parameter) and commercial feasibility.
The models were calibrated and then validated using four and six rainfall–runoff events,
respectively. The evaluation of the “prediction accuracy” which featured several indicators, commonly
used in the hydrological literature, showed a slight peak flow underestimation for HEC-HMS
(CRM = 0.05) and MIKE11 NAM (CRM = 0.06), while SWMM (CRM = +0.26) and WEC-FLOOD
(CRM = −0.29) underestimated and overestimated the observed events, respectively.
In addition to the accuracy in predicting discharge, the evaluation of the models was extended to
other performances and requisites, using a “performance” matrix based on 10 parameters weighted
through stakeholders’ and users’ interviews. According to this matrix, HEC-HMS and MIKE 11 NAM
were the best models in the case study, thanks to their low complexity and computation effort, as well as
the good user interface and prediction accuracy. However, the performance of the MIKE11 NAM model
was hindered by its cost and by the high number of parameters. The score of SWMM was strongly
affected by the lower prediction accuracy, which put the model in third place. The lower performance
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of WEC-FLOOD can be justified by the fact that the model is in the early stage of development in
comparison to the other well-consolidated models.
Overall, the proposal of the performance matrix for hydrological models, which has been one of
the aims of this study, may represent a first step in building a more complete evaluation framework
of the hydrological and hydraulic commercial models, in order to give indications to allow potential
users to make an optimal choice.
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